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Coaches Support Data-

Driven Decision Making

Policy Implementation and Effects
in Florida Middle Schools

Julie A. Marsh

Jennifer Sloan McCombs
Francisco Martorell
RAND Corporation

This article examines the convergence of two popular school improvement
policies: instructional coaching and data-driven decision making (DDDM).
Drawing on a mixed methods study of a statewide reading coach program in
Florida middle schools, the article examines how coaches support DDDM
and how this support relates to student and teacher outcomes. Authors find
that although the majority of coaches spent time helping teachers analyze
student data to guide instruction, data support was one among many coach
activities. Estimates from models indicate that data analysis support, never-
theless, has a significant association with both perceived improvements in
teaching and higher student achievement.

Keywords: Data-driven decision making; instructional coach

In recent years, the education community has witnessed increased interest
in data-driven decision making (DDDM)—making it a mantra of educa-
tors from the central office, to the school, to the classroom. Federal and
state accountability policies; improved access to information technology;
and a growing pool of commercial products, such as benchmark tests
aligned with states’ accountability tests, have facilitated the growth of
available data for decision making. Some even suggest that educators are
“drowning” in too much data (Celio & Harvey, 2005; Ingram, Louis, &
Schroeder, 2004). Recent research suggests that although educators appre-
ciate having access to various types of data (Hamilton et al., 2007; Kerr,
Marsh, Ikemoto, Darilek, & Barney, 2006), they do not always know how
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to use the information effectively (Choppin, 2002; Feldman & Tung, 2001;
Marsh, Pane, & Hamilton, 2006; Mason, 2002; Supovitz & Klein, 2003).

One promising approach to providing school educators better guidance
on using data to inform practice is the use of coaches—master teachers who
offer on-site and ongoing instructional support for teachers. In fact, like
DDDM, federal policies such as the Reading First, Striving Readers, and
the No Child Left Behind Act (NCLB) have encouraged the expansion of
coaching across the country. Numerous schools, districts, states, and school
reform models (e.g., Accelerated Schools and America’s Choice) currently
employ coaching as a primary part of their improvement programs (Foltos,
2007; Galm & Perry, 2004; Russo, 2004). Moreover, coaching increasingly
has become a centerpiece of literacy reform policies in many schools and
districts and a few states.

Yet despite the widespread use of coaches and DDDM, there is little
research examining how coaches support DDDM in schools and the extent
to which these efforts are associated with improvements in teaching and
student achievement. This article begins to fill this research gap by present-
ing empirical results from a mixed-methods study of a statewide reading
coach program in Florida middle schools. In particular, this article investi-
gates three broad research questions:

Research question 1: To what extent are reading coaches focusing their work
on data analysis and support?

Research question 2: What kinds of support do coaches receive that promote
their data-support activities?

Research question 3: To what extent is variation in coaches’ time spent on
data analysis related to teacher and student outcomes?

Answers to these questions will contribute to policy and practice and
several important ways. First, given the significant federal, state, and local
resources allocated to coaching programs and to generating data (e.g.,
interim assessment systems, state testing programs), it behooves policy
makers to better understand if and how coaches support the effective use of
data and whether these investments result in better outcomes. Second,
should coaching prove to be an effective means of facilitating data use and
improved outcomes, administrators, coaches, and teachers would benefit
from information about what constitutes and enables effective coach prac-
tice in this area.

In the remainder of this article we first provide context for the study,
including a review of literature and a description of the Florida coaching
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program. Next we describe the study’s conceptual framework and methods.
We then present answers to the research questions, including findings on
how coaches performed their data support roles and interacted with teach-
ers, how districts helped develop coaches” DDDM knowledge and skills,
and how frequency of data support relates to teacher and student outcomes.
We conclude with a set of implications for policy, practice, and research.

Background

Two sets of literature inform our research and are important for under-
standing the convergence of coaching and DDDM policies.

DDDM

DDDM in education refers to teachers, principals, and administrators
systematically collecting and analyzing various types of data, including
input, process, outcome, and satisfaction data, to guide a range of decisions
to help improve the success of students and schools (Marsh et al., 2006).
Notions of DDDM in education are modeled on successful practices from
industry and manufacturing, such as total quality management (TQM),
organizational learning, and continuous improvement. These practices
emphasize that organizational improvement is enhanced by responsiveness
to various types of data, including input data (such as material costs), pro-
cess data (such as production rates), outcome data (such as defect rates),
and satisfaction data (including employee and customer opinions; see, for
example, Deming, 1986; Juran, 1988; Senge, 1990).

The broad implementation of standards-based accountability under the
federal NCLB act has presented new opportunities and incentives for data
use in education by providing schools and districts with additional data for
analysis, as well as increasing the pressure on them to improve student test
scores (Massell, 2001). NCLB required states to adopt test-based account-
ability systems that meet certain criteria with respect to grades and subjects
tested, the reporting of test results in aggregated and disaggregated forms,
and school and district accountability for the improvement of student per-
formance. Implicit in NCLB and other state accountability policies is a
belief that data—particularly student test results—are important sources of
information to guide instructional decisions. New state and local test results
are adding to the data on student performance that teachers regularly collect
via classroom assessments, observations, and assignments.
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To date, most of the research on this topic has examined the implemen-
tation of DDDM, but only a limited amount of research has tried to assess
the effects of DDDM (Marsh et al., 2006). For example, although they do
not systematically track outcomes, a few case studies offer anecdotal evi-
dence of increased test scores and improved student learning in schools that
effectively implemented DDDM (Feldman & Tung, 2001; Schmoker &
Wilson, 1995). In addition, the effective schools literature includes several
studies that identify “planful” and extensive use of data as a common char-
acteristic among schools and districts that are high performing (Casserly,
2002; Council of Great City Schools, 2002; Edmonds, 1979; Ragland,
Clubine, Constable, & Smith, 2002; Snipes, Doolittle, & Herlihy, 2002;
Supovitz & Klein, 2003; Symonds, 2003; Williams, Kirst, & Haertel,
2005). Finally, numerous studies link DDDM to changes in school culture
and teacher practice that past research has linked to improved student per-
formance. Common findings include teacher reports of greater differentia-
tion of instruction, greater collaboration among school faculties, and
improved identification of students’ learning needs as a result of increased
data use (Chen, Heritage, & Lee, 2005; Copland, 2003; Feldman & Tung,
2001; Wayman & Stringfield, 2006).

Despite the dearth of research on effects, many studies have identified a
set of factors that are associated with more effective use of data by educa-
tors (for a review, see Marsh et al., 2006). Notably, several studies identify
the importance of providing training to educators on how to use data and
connect them to practice (Black & William, 1998; Datnow, Park, &
Wohlstetter, 2007; Mason, 2002; Supovitz & Klein, 2003). Such training
tends to address skills such as formulating research questions, interpreting
results, and effectively developing and using classroom assessments, and
often provide educators opportunities to discuss data and use their own
real-life data issues and school challenges rather than hypothetical cases
(Chen et al., 2005; Copland, 2003; Herman & Gribbons, 2001; Love, 2004;
Mason, 2002; Murnane, Sharkey, & Boudett, 2005).

Coaching

Instructional coaching is one potential avenue for providing teachers
with professional development on DDDM. Current coaching programs
generally involve on-site specialists who work with classroom teachers to
improve instruction in a particular content area, most often literacy (Knight,
2006). Some programs utilize coaches to support the implementation of
particular instructional models or curricula, whereas others work to improve
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general instructional practices. In nearly all models, instructional coaching
is school based, collaborative, and conducted one on one or in small
groups. Unlike other staff who support reading (e.g., reading resource
teachers), coaches generally serve in a nonevaluative, support role for
teachers and do not directly instruct or tutor students unless used as a means
to model instruction for teachers.

Advocates and researchers often point to learning theory and research on
professional development as the rationale for coaching. Learning theory
suggests that individuals learn best when provided with opportunities to
discuss and reflect with others, to practice application of new ideas and
receive feedback from an expert, and to observe modeling (Brown, Collins,
& Dugrid, 1989; Collins, Brown, & Holum, 1991; Lave, 1988; Lave &
Wenger, 1991; Rogoff, 1990; Tharp & Gallimore, 1988; Vaughan, 1996).
Empirical research further suggest that the transfer of ideas from the tradi-
tional professional development model of one-shot workshops into actual
instructional change and increases in student learning is extremely limited
(e.g., Garet et al., 1999; Garet, Porter, Desimone, Birman, & Yoon, 2001;
Hawley & Valli, 1999; Showers & Joyce, 1996).

Though reading coaches are prevalent in many schools across the
nation, there is little empirical evidence regarding the nature of coaching
and its effectiveness in changing teacher practice and improving student
achievement. Much of the current research on coaching focuses on Reading
First coaches at the elementary level (e.g., Deussen, Coskie, Robinson, &
Autio, 2007; Wong & Nicotera, 2006), with a few emerging studies at the
high school level (e.g., Brown et al., 2007, 2006). Research on the effects
of coaching on practice suggests that the policy shows some promise. For
example, coaching pioneers Joyce and Showers (1996) found in several
studies that teachers in coaching relationships practiced new skills more
frequently and applied them more appropriately in their classrooms than
other teachers. Kohler et al. (1999) reviewed the coaching literature from
the 1980s and 1990s and reported several positive outcomes, including
improvements in teachers’ ability to plan and organize, provide instruction
for students with disabilities, use classroom behavior management strategies,
and address instructional objectives. More recently, authors have reported
improvements in school culture and teacher collegiality and collaboration
related to coaching programs (Guinney, 2001; Neufeld & Roper, 2003;
Richards, 2003); positive changes regarding teachers’ awareness, compre-
hension, alignment, and implementation of state standards (Wong & Nicotera,
2006); and knowledge of how to apply professional development learning
in their classrooms (Brown et al., 2006). Two small-scale observational
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studies by Kohler and colleagues (1997, 1995) found that teachers were
more likely to implement changes in instruction while being coached than
while working independently and that the changes made during the coach-
ing phase were sustained after coaching ended. However, some studies
have found coaching to have little to no impact on teacher behavior
(Gutierrez et al., 2001; Veenman, Denessen, Gerrits, & Kenter, 2001).

Although some literature is suggestive of promising outcomes related to
coaching models, it is limited in several ways. Much of the work done in the
1980s and 1990s focused on peer coaching rather than on content coaching,
and so may not be completely relevant for current models of coaching that
use designated on-site staff developers rather than peers in the coaching
role (e.g., Kohler et al., 1999; Munro & Elliot, 1987; Showers & Joyce,
1996). Many studies from this era also focus on coaching for preservice
rather than in-service teachers (e.g., Hasbrouk, 1997; Morgan, Menlove,
Salzberg, & Hudson, 1994). Moreover, many studies have relied on anec-
dotal evidence or self-reported data and provided minimal explanation of
methodology. Perhaps the largest gap in the existing research on coaching
programs is the lack of evidence of coaching programs’ effects on student
achievement.

Florida’s Coaching Program

With this literature in mind we designed a study to examine coaching at
the secondary level and to provide empirical evidence on the effects of
coaching for teachers and students. Florida provided a unique opportunity
to study reading coaching situated within a broader state-led literacy policy,
the “Just Read, Florida!” initiative. Established in September 2001 by then
Governor Jeb Bush, the initiative’s goal is that all students read at or above
grade level by 2012. One key component of this effort has been the alloca-
tion of funds to districts to hire full-time, site-based reading coaches.
Florida has been scaling up its reading coach initiative since 2002. In a span
of 5 years, the number of participating schools increased from 300 in 30
districts to more than 2,200 in 72 districts in 2006-2007.! In 2006-2007, the
year of this study, the state estimates that 2,360 coaches were funded
through local, state, and federal funds: 1,413 served in elementary schools,
526 in middle schools, and 421 in high schools. Of these coaches, 1,977
served full-time at one school; 270 served part-time in one school; and 113
served full-time, splitting their time between two schools.

Florida’s reading coach program does not provide a specific model per se?
but instead provides an array of conceptual, policy, and practical supports
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that are intended to guide the work of a coach. The overarching goal of
Florida’s coaching program is to improve students’ reading ability by help-
ing teachers implement effective, research-based instruction in reading and
in content areas. State definitions of the reading coach emphasize that a
middle school reading coach is an on-site person who

will serve as a stable resource for professional development, progress moni-
toring, and student data analysis throughout a school to generate improve-
ment in reading instruction and reading achievement. The middle school
reading coach will both support and provide initial and ongoing professional
development to teachers in each of the major reading components, adminis-
tration and interpretation of instructional assessments, and differentiated
instruction (Florida Department of Education, 2004).

Aside from the requirement that coaches be full-time employees, the
state does not mandate any other aspects of a coach’s job but instead pro-
vides districts with a basic job description suggesting basic coach qualifica-
tions (e.g., experience teaching, knowledge of reading research and of how
to work with adult learners—in this case, teachers) and ways in which the
coach should operate at the school level. Although the state job description
explains that coaches will “train teachers in data analysis and using data to
differentiate instruction,” it is one of 10 suggested responsibilities.
Furthermore, the state does not provide details on the percentage or amount
of time coaches should spend on these data-related tasks. The state also
encourages coaches to work with all teachers across content areas, with a
focus on new teachers, new reading teachers, and those teaching struggling
students; to prioritize their time on in-class coaching (e.g., modeling, men-
toring, observing, providing feedback); and to avoid formally evaluating
teachers and participating in activities that detract from work with teachers
(e.g., administrative tasks, too much time administering assessments, tutor-
ing students, substitute teaching). To encourage fidelity to the state’s vision
for coaching, the state provides annual training to coaches and principals.
It also requires coaches to submit biweekly coach logs accounting for time
spent and districts to submit reading plans that detail how coaches will be
supported and utilized, both of which are monitored by the state.

Conceptual Framework

Our study design, data collection, and analysis were guided by a concep-
tual framework grounded in the empirical and theoretical research on
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Figure 1
Conceptual Framework for the Study
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coaching, learning, and DDDM, as well as the state’s implicit “theory of
action” we deduced from our interviews and review of documents (Figure 1).
The basic hypothesis is that increasing the expertise and availability of
reading coaches to work with teachers at a school site will allow teachers
to gain new knowledge and skills or enhance existing knowledge and skills,
which in turn will improve their reading instruction and ultimately improve
student achievement and other outcomes. The model recognizes that the
state and district shape this process by articulating the roles and responsi-
bilities of the coach, setting hiring qualifications, providing ongoing train-
ing and support to reading coaches, and monitoring their efforts. Schools
also influence the coaching process by directing coaches’ attention to cer-
tain priorities. Other aspects of a coach’s actual work at the school level
may also influence his or her effects on teachers, such as the amount of time
spent working with teachers to support data interpretation and use.
Theoretical notions of DDDM and organizational improvement (cited earlier)
indicate that when properly examined, interpreted and acted upon, certain
types of data can assist in improving individual practice and organizational
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outcomes. Learning theory also suggests that the quality of coach—teacher
interactions (e.g., how information is introduced, new practices are mod-
eled, and teachers are provided opportunities for application and reflection)
are likely to influence instructional responses.

The framework also posits that coaching can affect student learning
through various other intermediate outcomes, such as building school lead-
ership capacity and enhancing school climate, which in turn might either
directly affect student achievement or indirectly affect achievement through
changes in teacher practice. Finally, the framework for the study recognizes
that Florida’s coaching program, like all coaching programs, is embedded
in a broader state, district, and local context that can influence coaching
practice and its impact, and includes such factors as principal leadership,
school size, and other state and district policies. Characteristics of partici-
pants may also affect the implementation and effects, most notably charac-
teristics of each coach, such as their knowledge, skills, and confidence, as
well as their experience teaching reading and coaching.

Data and Methods

As noted, the study from which this article draws used a combination of
quantitative and qualitative methods (see Marsh et al., 2008 for further
details).

Sample

To examine coaching implementation, we selected a purposive sample
of large districts in Florida that represent a range of approaches to and
experience with middle school coaching.* We drew an initial sample of 9
districts from among the largest 12 districts in the state (with approximately
10-45 middle schools each). One district declined to participate, giving us
a final sample of eight districts.

In each of the eight study districts, we randomly sampled schools from
all regular and charter middle schools (defined as schools serving Grades 6
through 8) that employed a part-time or full-time reading coach in 2006-
2007, representing a total population of 226 schools.” In each district, we
drew a random sample of schools proportional to district size, for a total
sample of 180 schools. Ultimately, we recruited 113 schools to participate,
representing an overall cooperation rate of 63%.
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In each school, we surveyed the principal, all reading coaches, and 10
teachers. As a general rule, from each school roster we randomly sampled
five reading teachers and five social studies teachers, stratified by grade, to
obtain a representative sample that would be adequate for our analyses.
(Florida requires students performing below proficiency on the state read-
ing assessment to take a reading course in the middle grades from reading
teachers.) We selected reading teachers because state interviews and a
review of documents indicated that coaches were likely focusing much of
their attention on these teachers. We selected social studies teachers to
capture the perspectives of core-content area teachers who we were told
were likely to interact with the coach.

From the eight participating districts, we selected two districts from
which to collect more in-depth qualitative data and in which we were able
to pretest our survey instruments. The districts selected differed both in size
(the larger district oversaw approximately twice as many middle schools as
the smaller one) and in their support for coaching (e.g., one provided small
and large group professional development to coaches several times a month
for extended full and half days, whereas the other provided training less
frequently). Within each district we selected three schools to follow over
the course of the year and within each school we selected the coach and
three teachers with whom the coach had been working closely or planned
to work with over the course of the year to follow.

Data Collection

Surveys. In Spring 2007, we administered Web-based surveys to princi-
pals, reading coaches, and reading and social studies teachers in our sample
of schools from the eight participating districts. The four survey instru-
ments drew on our conceptual framework, existing literature on coaching,
data collected in the first round of case study visits to schools and districts,
measures validated from other studies, and careful review by experts. We
also pilot tested the draft surveys with teachers, coaches, and principals,
who provided us feedback about the clarity of the items. Table 1 shows the
response rates for each respondent group.® To adjust for potential differ-
ences due to differential sampling and nonresponse, we created weights
that reflected both the known sampling probabilities and estimated response
probabilities at the school and teacher level so that our responding sample
would be representative of the entire population of middle schools in the
eight study districts. We used these weighted data in our cross-tabulations.
Achievement models were run with unweighted data.
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Table 1
Survey Response

Number Number Number Response

Sampled Ineligible® Responding Rate (%)
Principals 113 0 96 85
Reading coaches 124° 0 109 88
Reading teachers 554 1 386 70
Social studies teachers 563 3 348 62

a. Ineligible individuals were teachers originally identified on rosters as teaching reading or
social studies who, after receiving the survey, told us they were either no longer teaching at
the school or not teaching that particular subject.

b. Because some schools had two full-time coaches, the number of coaches is greater than the
number of schools and principals.

Case study visits. Researchers visited each case study school three times
during the 2006-2007 school year. During the visits, researchers conducted
interviews with the reading coach, principal, and three case study teachers
at each school; observed one period of instruction of each case study teach-
ers; shadowed the reading coach for at least half a day; and conducted focus
groups with core-content-area teachers. Researchers also collected docu-
ments pertaining to reading coaches and reading improvement efforts. We
conducted a total of 64 interviews, 13 focus groups (with 43 teachers in
total), and 28 observations over the course of the academic year.

District and state interviews, observations, and documents. Interviews
with state-level staff, attendance at the state’s annual leadership conference,
and documents provided us with information on Florida’s coaching pro-
gram and supports. Telephone interviews with the supervisors of middle
school reading coaches in the six non—case study districts also provided
information on district support for coaching.

Student achievement and demographic data. We obtained from the state
department of education’s K-12 Data Warehouse FCAT (Florida’s
Comprehensive Assessment Test) score information (criterion-referenced
portions for reading and math) for individual students in all schools in the
state that included any of Grades 6 to 8, from 2001-2002,” the school year
prior to the first year of implementing the state’s middle school reading
coach initiative, through 2006-2007. We also obtained background infor-
mation for individual students, including gender, ethnicity, socioeconomic
status, limited English proficiency (LEP) status, participation in special
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education or gifted programs, attendance, mobility, age, and grade retention
history.

Descriptive Analysis

The answers to the first two descriptive research questions are based on
weighted survey responses, as well as case study data. We integrated find-
ings from the different data sources to identify cross-district findings and
themes regarding the nature, quality, perceived impact, and potential barriers
and enablers of coaching. We also examined how coaches’ work varied by
such factors as coaches’ experience and school characteristics, using simple
cross-tabulations of data and Pearson’s chi-squared test to determine whether
these relationships were statistically significant. Throughout the article we
use the term significantly (e.g., “‘significantly more likely”) to indicate rela-
tionships that were found to be statistically significant at p < .05.

Analysis of Effects: Modeling Approach

We address the third research question by estimating a set of regression
models.

Perceived effects. To more precisely examine the relationship between
coach activities and perceived effects on instruction when other factors are
held constant, we employed least squares regression analyses to model various
predictors of perceived influence on teacher practice. The variables used in
the models are defined in Table 2 and are derived from the conceptual
framework for the study. The outcome variable modeled is teachers’ per-
ception of coach influence on their practice. As we could use only the 86
schools that provided survey responses from both the principal and the
coach, we selected a fairly parsimonious set of program features identified
as important in prior research and in our own survey findings. We focus on
indicators of coach skill, knowledge, and ability, including their reading
credential status, experience teaching reading, ability with adult learners,
whether or not they are a more experienced coach, their confidence or self-
efficacy, and teachers’ perceptions of coaches’ overall quality; school con-
textual factors that may enable or hinder coaches’ work, including coach
caseload; the percentage of new teachers in the school; the number of years
the school had a coach; and principal leadership. We also include measures
of coaches’ activities from teacher surveys and reports on the focus of
coaches’ work from coach surveys.
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Table 2
Definition of Variables Used in Models

Constructs Definitions
Outcome
Perceived influence on teacher To what extent did the coach influence any changes

practice made to your instruction over the course of the year?
M=23 Measured on a 4-point scale (1 = not at all, 2 = to a small
SD=0.6 extent, 3 = to a moderate extent, 4 = to a great extent)

Source: Teacher surveys

Predictors

Coach expertise and experience

Reading credential

M=0.79

SD =0.39

Source: Coach survey

Years teaching reading

M=112

SD =9.67

Source: Coach survey

Perceived coach quality scale
(alpha = .91)

M=3.03

SD =0.41

Source: Teacher surveys

Defined as coach having a master’s degree in reading, a
reading certification, state reading endorsement, or
combined state reading/English to speakers of other
languages (ESOL) endorsement.

Defined as total years experience teaching reading and
serving as a reading specialist or reading resource
teacher.

The reading/literacy coach(es) at my school

* has strong knowledge of best practices in reading
instruction

e has a limited understanding of the particular needs of
students that I teach

* has a strong understanding of my needs as a teacher

* helps me adapt my teaching practices according to
analysis of student achievement data (e.g., test results)

» maintains confidentiality of what we discuss or work
on together

« understands the middle school culture and student

* has little time to regularly support teachers

* is someone I trust to help me and provide support

* provides feedback in a nonevaluative way

« explains the research, theory, or reasons underpinning
the strategies (s)/he suggests or the feedback (s)/he
provides

* (social studies teacher only) does not have sufficient
understanding of my content area to help me with my
teaching.

Measured on a 4-point scale with an additional “don’t
know/NA” option (1 = strongly disagree, 2 = disagree,
3 = agree, 4 = strongly agree).

Statements in italics were reverse coded.

(continued)
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Table 2 (continued)

Constructs

Definitions

Ability to support adult learners
M=2.50

SD =0.61

Source: Principal survey

Coach confidence scale
(alpha = .59)

M=3.54

SD =0.45

Source: Coach survey

More experienced coach
M=0.49

SD =0.49

Source: Coach survey

Coach activities

Focus on integrating instruction
across content areas

M=3.15

SD =0.75

Source: Coach survey

Reviewed assessment data with
coach

Reading Teachers (RT), M =2.14

RT, SD =0.59

Social Studies Teachers (SST)
test, M = 1.65

SST test, SD = 0.50

Source: Teacher surveys

Received individual coaching
scale (alpha = .88)

How would you rate your reading/literacy coach’s
knowledge and skills in the following area? If your
school has more than one reading coach, answer the
question for the reading coaches as a team.

Understanding of how to support adult learners

Measured on a 3-point scale (1 = weak, 2 = medium,

3 = strong)

To what extent do you agree or disagree with the
following statements about your work as a reading/
literacy coach?

« | feel confident in my ability to support teachers with
reading instruction.

* [ do not feel prepared to help content-area teachers
incorporate reading strategies into their classrooms
(reverse coded).

Measured on a 4-point scale (1 = strongly disagree, 2 =
disagree, 3 = agree, 4 = strongly agree)

Defined as having been a coach for three or more years
(yes/no)

Considering all of the work you have done with
teachers this school year, how much emphasis
did you place on supporting the following area of
instruction?

* Integrating reading instruction across the content areas

Measured on a 4-point scale (1 = no emphasis, 2 = minor
emphasis, 3 = moderate emphasis, 4 = major emphasis)

How often has your school’s reading/literacy coach(es)
performed the following actions?

Since the beginning of the school year, my
school’s reading/literacy coach(es) has

reviewed student assessment data with me (individually
or in a group).

Measured on a 4-point scale (1 = never, 2 = a few
times this year, 3 = once or twice a month,
4 = once or twice a week or more)

How often has your school’s reading/literacy
coach(es) performed the following actions?

(continued)
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Table 2 (continued)

Constructs Definitions

RT, M =1.88 Since the beginning of the school year, my school’s
RT, SD =0.51 reading/literacy coach(es) has

SST, M =1.49 * come to my classroom to coteach or model a lesson
SST, SD = 0.42 or reading strategy,

Source: Teacher surveys

Context for coaching

Number of years the school had
a coach

M=4.01

SD=2.18

Source: Principal survey

Coach caseload

M=697

SD =0.50

Sources: Principal survey and
common core of data

Percentage of new teachers in
the school

M=27.36

SD =16.02

Source: Principal surveys

Principal leadership scale
(alpha = .94)

M=3.14

SD =0.36

Source: Teacher surveys

« assisted me with planning a lesson or curricular unit,

« visited my classroom to observe my instruction,

« given me feedback on my teaching or facilitated
reflection on my practice.

Measured on a 4-point scale (1 = never, 2 = a few
times this year, 3 = once or twice a month,
4 = once or twice a week or more)

For how many years (including this year as one) has
your school had a reading/literacy coach?

Log (number students per coach)

Ideally we would have used a measure of teacher-to-coach
ratio; however, we did not have reliable data to construct
such a variable. Given that the ratio of students to
teachers generally does not vary considerably across
schools, the student-to-coach ratio is a useful proxy.

A new teacher is defined as someone teaching less than 3
years.

The head principal at my school

» communicates a clear academic vision for my school,

« sets high standards for teaching,

* encourages teachers to review the Sunshine State
Standards and incorporate them into our teaching,

« helps teachers adapt our curriculum based on an analysis of
FCAT (Florida’s Comprehensive Assessment Test) results,

« expects all staff to work with the reading coach to
reflect on and improve their teaching,

« ensures that teachers have sufficient time for
professional development,

« enforces school rules for student conduct and backs me
up when needed,

» makes the school run smoothly,

« is someone I trust at his/her word.

Measured on a 4-point scale (1 = strongly disagree, 2 =
disagree, 3 = agree, 4 = strongly agree)
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Achievement. To understand associations between coaching implementa-
tion and achievement, we estimated school random-effects models using our
survey data and student-level achievement data obtained through the Florida
Department of Education. In these models, student achievement in reading
and mathematics on the 2007 FCAT Sunshine State Standards (SSS) test
were modeled as a function of coaching program features during the 2006-
2007 school year (the same measures described in Table 2) and other school
and student characteristics. Specifically, we estimated models of the form Y,
=X,b+a +e, where Y, is the dependent variable (e.g., test scores) of stu-
dent i in school s, X, is a vector of covariates (including the reading coach
program measures), a, is a school random effect, and e, is an individual-level
random term. The parameter “b” measures the influence of each of the
covariates in X,. We assume that a, and e, are normally distributed i.i.d.
(independent and identically distributed) random variables that are statisti-
cally independent from each other and also that a_and e, are both uncorre-
lated with the covariates in X,. Under these assumptions random-effects
regression will provide consistent estimates of “b.”

We model mathematics outcomes because improved reading skills may
also improve students’ scores on the mathematics FCAT, which is a text-
heavy assessment that includes many word problems as well as performance
tasks in which students must solve a problem and explain their methods used.
Achievement scores were modeled as a z score with a mean of 0 and a stan-
dard deviation of 1. For this analysis, all coaching implementation measures
were aggregated to the school level because we do not have any way of link-
ing individual students to teachers who worked with the coach.

For consistent estimates of the effects of various aspects of coaching
implementation to be obtained, omitted influences on student achievement
must be unrelated to coaching implementation variables. To better under-
stand the relationship between the coach activities and student outcomes,
we control for school and student characteristics that might be associated
with both the coaching program and student achievement, including the
percentage of new teachers, the number of coaches a school has, the years
of experience the coaches have, and teachers’ perception of the principal’s
leadership. Our models also control for student characteristics including
gender, ethnicity (Hispanic, African American, Other), limited English
proficiency, special education, percentage of school days attended, free-
lunch eligibility, reduced-price lunch eligibility, grade retention, and grade
level. We also control for school-level covariates, including the number of
students enrolled in the school, the percentage of students eligible for free
or reduced lunch, and the percentage of minority students in the school.

Downloaded from epx.sagepub.com at APPALACHIAN STATE UNIV on January 3, 2014


http://epx.sagepub.com/
http://epx.sagepub.com/

888  Educational Policy

In addition, we control for student prior achievement by including
fourth-grade test scores in the model. Thus, the estimates we obtained
reflect the association between aspects of the coaching program and
achievement relative to students’ baseline performance observed in fourth
grade. Note that the fourth-grade test scores provide a good proxy for “pre-
coaching” baseline achievement because in fourth grade most students
were in a different school that either had no reading coach or a totally dif-
ferent coaching program. Thus, even if the nature of the coaching program
differs by whether a school has higher or lower achieving students, our
estimates will still be unbiased so long as the coaching program is unrelated
to the potential gains between fourth grade and middle school.

The number of schools in our analysis is 86 schools. The number of
student observations in our achievement models is 71,234.%

Study Limitations

Given resource constraints, we were able to examine coaching imple-
mentation in only eight moderate-to-large districts. Although this approach
does not allow us to generalize to all districts in Florida, particularly
smaller districts, it does allow us to describe how different models of dis-
trict implementation are translated into school- and coach-level practices
and classroom practice. Second, due to limited resources, we could survey
only 10 teachers across 2 content areas in each participating school. Clearly
a sample of all teachers would have provided more reliable estimates of
coach interactions with and perceived influences on teachers throughout a
school. Thus, it is possible that our responding teachers do not accurately
represent the experiences of all teachers in a school, particularly content-
area teachers. Third, our measures of teacher practice were limited by the
reliance on self-reported practices from surveys and interviews (despite
attempts, we were unable to conduct enough meaningful classroom obser-
vations to use in an analysis of changes in teacher instruction). Although
prior research suggests that well-designed surveys can measure some
aspects of instructional practice with a reasonable degree of accuracy
(Mayer, 1999; Mullens & Gayler, 1999; Smithson & Porter, 1994), these
measures tend not to be as rich or nuanced as those collected through first-
hand observations. Nevertheless, our in-depth case studies that included
observations helped mitigate this limitation. Finally, this is a cross-sectional
analysis that examines the effects of coaching on student achievement in
1 year only. The full impact of coaching may be better measured over time,
particularly if the full effects of coaching are lagged or grow over time.
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Descriptive Findings

In this section we answer the first two research questions, describing the
extent to which reading coaches focused their work on data analysis and the
ways in which districts supported coaches to perform this data-support role.

The Majority of Coaches Reported a Major Focus on
Analyzing Data to Guide Practice

Congruent with the state’s vision, the majority of coaches focused con-
siderable attention on DDDM. When asked to consider all of the work they
did with teachers during the 2006-2007 school year, 62% of coaches
reported placing a major emphasis on supporting the analysis of data to
guide instructional practice. The results also indicate coaches focused on
other key components of reading instruction endorsed by the state and oth-
ers as relevant to middle school students: More than half placed a major
emphasis on supporting comprehension, vocabulary, fluency, and differen-
tiating instruction to meet student needs. They were considerably less likely
to focus support on other instructional areas, such as classroom manage-
ment, phonemic awareness, and writing.

In some case study schools, coaches’ DDDM work included presenting
FCAT results to teachers in schoolwide or department meetings at the start
of the year to identify student weaknesses. In other schools, the coach may
have worked individually with teachers to help them understand diagnostic
assessment results for their students and how to use them to identify on-
level reading material or appropriate instructional strategies. The coach
described in the following vignette represents someone who strongly
embraced the role of coach as data analyst:

Elaine, a seasoned reading coach in her second year at the school, used data
to drive much of her work throughout the year. At the start of the year, Elaine
examined schoolwide FCAT test results with members of the reading leader-
ship team to develop a “reading treatment plan.” The plan identified several
problem areas and strategies to address them, such as working on vocabulary
development, establishing a reading workshop model in several classrooms,
and setting up model “lab” classrooms. Periodically, Elaine also analyzed
schoolwide data to evaluate various programs. For example, she examined
assessment results from a reading software program that several teachers
were using and reported back to school administrators on students’ strengths
and weaknesses and some potential problems with the program. This analysis
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indicated that most students were not at the “standard productivity level” and
may not have been taking the program seriously and that teachers may not
have understood how to effectively use the program. One administrator noted
how valuable this analysis has been for school leaders:

[SThe did a report for [this] reading program . . . [which] helped me out
because she pinpointed what the problems were and what the students’
strengths were. She really understands those reports. She is really able
to look at the data and really assess where we should be. . . . She diag-
nosed a problem; she took a big write-up with some solutions of things
we could do or things we should do to assist with those problems and
she shared that information with myself [and other administrators] and
from there we met as a reading leadership development committee

team and we talked about some of those things and . . . how we can
integrate it into doing some other things . . . and try to make some
improvements.

Throughout the year, Elaine also helped the reading teachers review FCAT
and other assessments results and understand how to use them to identify
areas that needed more instructional attention. For example, a sixth-grade
reading teacher reported that the coach not only modeled how to administer
the oral reading fluency and comprehension tests but also discussed the
results with teachers:

She is good about making the spreadsheet and showing us what they [stu-
dents] have done and what they haven’t done. And she breaks it down
into different levels like comprehension and whatever else . . . that deals
with the strategies on the FCAT so that we will know what we need to
work on as a group and what we need to pull for small groups.

Another teacher noted that “before [Elaine] came you were basically on your
own” to understand assessment results and how to adjust your teaching to
address them. She explained, “We knew there was a problem but we did not
know what to do. . . . She helped us to understand that we were presenting a
sixth-grade-level assignment to a sixth-grade student who was reading on a
third-grade level.”

Data Support Was One of Many
Activities to Which Coaches Devoted Time

Coaches in all districts reported dividing their time among a wide range
of activities (Table 3). Half of all coaches spent 6 or more hour every 2
weeks analyzing and training teachers on how to analyze and use student
data to inform instruction (including FCAT, MAZE, Fluency checks, student

Downloaded from epx.sagepub.com at APPALACHIAN STATE UNIV on January 3, 2014


http://epx.sagepub.com/
http://epx.sagepub.com/

Marsh et al. / Data-Driven Decision Making 891

Table 3
Time Coaches Spend on Activities During a Typical 2-Week Period

More Than
SHrorLess 6tol16Hr 17to24 Hr 24 Hr

Working with individual teachers 19 42 23 15
one on one on their instruction
(including classroom

observations)

Providing a “listening ear” for 25 39 25 11
teachers’ concerns

Administering or coordinating 37 35 16 12

student assessments (including
managing assessment materials)
Analyzing and training teachers on 50 28 14 8
how to analyze and use student
data to inform instruction
(including FCAT (Florida’s
Comprehensive Assessment
Test), MAZE, Fluency checks,
student work)
Managing reading resources and 53 26 17 4
materials (including ordering,
budgeting, doing inventory,
locating written materials as
well as overseeing computer
software and reading labs)
Working with groups of teachers 60 27 9 3
on their instruction (including
large group professional
development sessions)
Attending meetings or professional 52 38 8 2
development sessions (not ones
that you lead) in the school,
district, or region
Performing noncoaching 75 18 6 2
administrative duties (including
lunch duty, bus duty)

Teaching or tutoring students in 75 16 4 5
class or in computer labs
Substitute teaching 92 5 2 2

Note: Response options were “I generally do not do this every 2 weeks,” “a small amount (1-5 hr),”
“a moderate amount (6-16 hr),” “a large amount (17-24 hr),” “a very large amount (more than
24 hr).” Several of these categories were collapsed above to obtain the columns/categories in
the table.

2
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work).” A subset of coaches (22%) devoted a significant amount of time to
data analysis—spending at least a quarter of their time over a 2-week
period on this activity. Nevertheless, the average reported times were
greater for several other categories of activities. First, individual instruc-
tional work with teachers topped the list of coaches’ activities, which would
include observing instruction, providing feedback on instruction, and mod-
eling.”® A little more than one third of coaches reported spending 17 hour
or more in the 2-week window working one on one with teachers. The
second most frequent activity reported by coaches could be categorized as
informal coaching or lending a “listening ear” for teachers’ concerns.

Third, coaches were more likely to spend time administering and coor-
dinating assessments than actually analyzing or helping teachers analyze
and use the results to guide practice. More than two thirds of coaches
reported spending 6 hour or more every 2-week period administering or
coordinating student assessments, which could include state or local tests.
In most case study schools, coaches spent significant amounts of time
administering state- and district-required individual reading assessments,
such as fluency tests, to some students and inputting results from all teach-
ers into the state’s database. In some case study schools, coaches also
organized and managed the administration of the state FCAT exam.
Teachers in one school identified the FCAT administrative duties as ones
that greatly competed with the intended coaching duties. “She gets pulled
out of her reading role into an FCAT administrator role, which someone
else could be doing,” explained one teacher. Interestingly, more than half of
coaches cited the large amount of time it takes to coordinate and administer
assessments as a moderate or great hindrance to their work.

More Experienced Coaches and Coaches
in Low-Performing Schools Were More Likely Than
Counterparts to Spend Time Supporting DDDM

More experienced coaches (3 or more years of coaching experience)
were significantly more likely than less experienced coaches (1-2 years) to
spend a large amount of time (17 or more hour every 2 weeks) on data analysis
(32% compared with 12%, respectively). This is perhaps understandable,
given the skills and knowledge required to successfully interpret, communi-
cate, and assist teachers with data. Newer coaches may have less time ini-
tially to devote to building data analysis capacity, given the more immediate
concerns of understanding the roles of the coach, building relationships
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with teachers, and gaining access to classrooms. Coaches in low-performing
schools (receiving state school grades of C, D, or F) were also much more
likely than their counterparts in high-performing schools (receiving A or B
grades) to spend a large amount of time analyzing and helping teachers use
the results (51% compared with 16%, respectively). This is consistent with
patterns of time spent on administering assessments. Given that low-per-
forming schools likely have more students with severe reading problems
and more students enrolled in the more “intensive” reading courses requir-
ing assessments, it follows that coaches in these schools may have a lot
more achievement data with which to work as well as greater pressures to
use these data to improve instruction.

Reading Teachers Were More Likely Than Social Studies
Teachers to Receive Coach Data Support

Overall, reading teachers were far more likely than social studies teachers
to interact with the reading coach in general, be it attending a meeting in which
the coach presented information or working with the coach to plan instruction
or locate reading materials. This distinction holds true for data support as well:
29% of reading teachers reported receiving this support from their coach once
or twice a month or more compared with 12% of social studies teachers. In
fact, half of the social studies teachers reported that their school’s reading
coach never reviewed assessment data with them (individually or in a group)
in the past year, compared with only 23% of reading teachers.

Districts Often Helped Develop
Coaches’ DDDM Knowledge and SKkills

Coaches generally characterized central office staff as supportive of
their work and valued the professional development opportunities they
offered. Furthermore, almost all agreed or strongly agreed that their districts
gave them necessary guidance on how to improve reading instruction and
performance in their schools (92%). As the state envisioned, all the study
districts provided at least monthly professional development opportunities
for coaches. Described as either mandatory or strongly encouraged, the ses-
sions were generally well attended by coaches. The focus of these meetings
varied across and within districts over time, although most district coordi-
nators described a strong instructional focus and several emphasized train-
ing for DDDM. More than half of coaches reported that district professional

Downloaded from epx.sagepub.com at APPALACHIAN STATE UNIV on January 3, 2014


http://epx.sagepub.com/
http://epx.sagepub.com/

894  Educational Policy

development for coaches placed a major emphasis on analyzing and using
student data to improve instruction. In fact, most coaches were satisfied
with the amount of support received: Only 21% wanted “much more” sup-
port in this area and 49% wanted a “little more.” The following vignette
describes a district meeting that emphasized training for DDDM:

During the monthly coach meeting in one case study district, district coordina-
tors focused a majority of the day on interpreting and using data to guide
instruction and modeling how to assist teachers in this process. First, one of
the coordinators provided a PowerPoint presentation on differentiated instruc-
tion. Using an example of a “real kid,” she modeled how to interpret results
from multiple assessments to identify this student’s reading needs and possible
lessons and interventions that might address those needs, as well as how a
coach might work with a teacher to develop and implement these strategies.
Throughout the activity, the coordinator was explicit about her intentions; for
example, she explained, “My purpose is to show you the curriculum that you
could put together with a teacher.” As she described how to move “from data
to a plan,” coaches regularly interjected with questions and suggestions of their
own. One coach asked, “How does the first part of the lesson look?”’; later,
another coach explained the value of doing preassessments with students; still
another suggested a particular series of books that might be helpful for teach-
ers. At the end of the discussion, the administrator returned to overhead slides
describing differentiated instruction and the criteria for “tiered lessons.” She
then asked the coaches to use those criteria and “reflection” sheets to evaluate
lessons they had prepared as “homework” for today’s meeting—lessons that
they developed to use or have used with teachers at their school.

For the next 45 minutes, coaches worked in groups, discussing the lessons
they created, how they fit the criteria for tiered lessons that differentiate
instruction for different learners, and how they would coach the teacher to
take the next steps. The conversations were spirited, and coaches exchanged
many ideas and questions.

Later in the meeting staff addressed the topic of “progress monitoring.”
They presented a chart and worksheet with “dummy” assessment data for six
students—some with clear deficiencies in fluency, others with low scores in
comprehension—and asked coaches what reading-level placement would be
appropriate for each individual student and what instructional support they
would suggest teachers offer to build each student’s reading skills. After
small-group discussion, coaches returned to the large group to review what
they decided for each student. “I would do another assessment to see if that
student really has a problem or they just blew off the test,” suggested one coach.
“Maybe they have had no practice or exposure to the MAZE [a group-
administered test that measures fluency of silent reading and low-level
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comprehension of passages that are like those students will encounter on the
FCAT]. . .. Try balanced reading, spelling books,” another coach offered. To
close the activity, the administrator once again explained her intent, “So my
attempt here has been to model for you what to do with teachers. Go through
and look for the gray area kids. Who stands out? Use it to do lesson planning
and tiered lessons. Look at the data and patterns that emerge.” After this
discussion, the facilitator moved on to some administrative matters.

Analysis of Effects

In this section we answer the final research question, examining the
extent to which variation in coaches’ time spent on data analysis related to
teacher and student outcomes.

Frequency of Data Support Associated
With Perceived Effects on Teaching

When asked directly to what extent the coach influenced any changes
the teachers made to their instruction over the course of the year, 47% of
all reading teachers and 40% of all social studies teachers reported that the
reading coach had influenced them to make changes in their instruction to
a moderate or great extent." A minority of reading teachers (24%) and
social studies teachers (34%) noted that the coach did not influence their
instructional change at all.'? Notably, teachers who received more frequent
data support from the coach were significantly more likely than teachers
with less frequent to no data support to attribute changes in their instruction
to working with the coach. Specifically, 75% of reading teachers and 72%
of social studies teachers who had received data support from the coach
once a month or more reported that the coach had influenced changes in
their instruction to a moderate or great extent, compared with 36% of read-
ing teachers and 35% of social studies teachers who had received this sup-
port a few times a year or never.

Some of the teachers in our case study schools described how working
with the coach to review assessment data enhanced their teaching methods.
One reading teacher explained:

The coach creates these charts where she has all of her classes on them. And
then you get to look and see the differences [in student test scores]. She even
puts the assessment in the scanner and she will show us how many of our
kids got number one wrong—so that we can make instructional decisions.
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She is teaching us how to make instructional decisions based on assessment.
It’s not just okay that they took the test and these people failed it. She teaches
us how to group kids for small groups for DI [direct instruction] lessons. . . .
I found out a lot of my kids were not getting the main idea. So I had four kids
that were not getting it. So she told me that I needed to put those kids
together. I did a small group lesson up here [at her desk].

To understand coaches’ influence on specific reading practices, we
assessed any changes teachers reported in their instruction in general over
the course of the year—changes that may or may not be attributable to the
coach per se. These data provided an important overall picture of how
teachers were adjusting their reading instruction over time. Not surpris-
ingly, regardless of whether they worked with a coach or not, the vast
majority of reading and social studies teachers reported making a number
of specific changes to their instruction aimed at improving students’ read-
ing abilities over the course of the year (e.g., techniques to assist with read-
ing comprehension, vocabulary, fluency).

Once again, these reported instructional changes were associated with
the frequency with which the coach reviewed data with them. For example,
reading teachers who received more frequent data support from the coach
(meeting with the coach to review assessment data once or twice a month
or more) were significantly more likely than their peers with less frequent
data support (a few times a year or never) to report various changes in their
instruction to a moderate or great extent, including the following:

¢ Introducing texts more thoroughly, providing students background knowl-
edge about the text we will read (63% vs. 41%);

e Working to connect the readings to students’ existing knowledge and lives
more often (45% vs. 30%);

e Taking into account students’ reading abilities/levels more often when
designing tasks and assigning work (64% vs. 50%);

¢ Allowing students to select more of what they read (42% vs. 30%);

e Asking students to read texts out loud in class more frequently (48% vs.
38%).

The results of our Model 1 (Table 4) also indicate that the frequency
with which the coach helped social studies teachers review assessment data
had a strong positive association with perceptions of coaches’ influence on
instructional change. This suggests that, on average, social studies teachers who
met with their coach more often to review assessment data reported more
positive perceptions of coach influence (controlling for other variables in
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Table 4
Model Results, Reading and Social Studies Teachers’ Reports of
Work With Coach Reported Separately

Model 1: Teachers’ Model 2: Students” Model 3: Students’

Perception of
Influence

Reading
Achievement

Mathematics
Achievement

Reading credential

Years teaching reading

Perceived coach quality

Ability to support adult
learners

Coach confidence

More experienced coach

Focus on integrating
instruction across
content areas

Reviewed assessment data
with coach (reading
teacher report)

Reviewed assessment data
with coach (social
studies teacher report)

Received individual
coaching (reading
teacher report)

Received individual
coaching (social studies
teacher report)

Number of years the
school had a coach

Coach caseload

Percentage of new teachers
in the school

Principal leadership

~0.037 (0.093)
~0.009* (0.005)
0.391%* (0.120)

0.132* (0.060)

~0.123 (0.078)

0.161* (0.079)
0.130* (0.054)

~0.035 (0.089)

0.355%** (0.098)

0.510*** (0.099)

0.053 (0.133)

~0.013 (0.017)

~0.084 (0.073)
0.003 (0.002)

0.117 (0.111)

0.007 (0.018)
~0.002* (0.001)
~0.032 (0.024)
0.001 (0.011)
0.021 (0.016)

~0.012 (0.017)
0.004 (0.011)

0.082%** (0.019)

0.023 (0.019)

—0.061%** (0.018)

~0.020 (0.027)

0.010%* (0.004)

0.043 (0.024)
0.000 (0.000)

0.029 (0.020)

0.062* (0.025)
~0.003* (0.001)
~0.060 (0.034)
~0.017 (0.015)
~0.005 (0.022)

~0.024 (0.024)
0.018 (0.016)

0.073%* (0.028)

—0.031 (0.027)

~0.029 (0.026)

0.002 (0.039)

0.007 (0.005)

0.081* (0.035)
~0.001 (0.001)

0.045 (0.028)

Note: All models include controls for student and school characteristics (not shown). Variable
values are not standardized. Standard errors are given in parentheses.
*p <.05. ¥*p < .01. ¥**p <.001.

the model). Similarly, the frequency with which the coach worked one on
one with reading teachers had a positive association with perceptions of
their influence.

As Table 4 indicates, a number of other variables were also significantly
and positively related to perceptions of coach influence, including teachers’
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overall views about coaches’ quality, principals’ ratings about coaches’ under-
standing of how to support adult learners, and more experience coaching.

Frequency of Data Support
Associated With Reading Achievement

Table 4 shows the results of the model of reading achievement (Model 2).
One of the only program features that we found significantly and positively
related to better reading scores was the frequency with which reading
teachers reported that the coach reviewed assessment data with them (either
individually or in a group). The point estimate indicates that a one-unit
increase in the scale used to measure how often the coach reviewed assess-
ment data with the reading teachers increases reading achievement by
0.082 standard deviations. The standard deviation of this scale is 0.613,
implying that an increase of one standard deviation leads to an improve-
ment of reading achievement of 0.05 standard deviations. The magnitude
of this association is small, especially relative to what would be expected
from a program or intervention aimed at improving student achievement.
Nonetheless, it should be borne in mind that data analysis support is at most
only one aspect of having a reading coach and certainly not the entire
coaching program. Thus, it remains noteworthy that we find a statistically
significant association between data analysis support and achievement,
even if the magnitude of this link is fairly small. Social studies teachers’
reports of reviewing assessment data with the coach were also positively
related to reading scores, but the estimated relationship was smaller than it
was for reading teachers and not statistically significant.

How often reading teachers report receiving one-on-one coaching was
negatively associated with reading achievement. This result is surprising
because the program’s theory of action posits that coaching is effective
when coaches are able to work with individual teachers on issues related to
classroom instruction. Furthermore, our models of proximal outcomes
found that teachers who worked one on one with the coach were more
positive about the impact of the coach than were teachers who did not have
this experience, holding other factors constant.

How do we make sense of these puzzling results? First, when we esti-
mated models where only one of these two program features was included,
the results indicate that the coefficient on reviewed data remains positive
and statistically significant (although it is smaller in magnitude), whereas
the coefficient on individual coaching is very small and not statistically
significant, which implies that this is not a robust finding for individual
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coaching. Second, teacher reports of individual coaching and reviewing
assessment data are highly correlated with each other (the correlation coef-
ficient is .7), so there is limited variation with which to separately identify
the effects of these two program features. Thus, the separate effects were
estimated from only a small number of schools in which individual coach-
ing is relatively high but reviewed assessment data is low. It is true that
reading achievement in these schools is lower than it is in observationally
similar schools. However, schools with relatively high levels of individual
coaching generally are schools where coaches review assessment data with
teachers relatively frequently, and in these schools, achievement also tends
to be high. This finding may indicate that the content of individual coach-
ing is important. In other words, if individual coaching is done without
including a review of student data, it may be counterproductive.'?

Frequency of Data Support Associated
With Mathematics Achievement

As with reading achievement, we again found a positive relationship
between reading teacher reports of coach reviewing assessment data and
mathematics achievement (Model 3). The magnitude of this association is
similar to that for reading achievement, although it is slightly smaller.

Implications

These results provide important insights into the role of coaches in sup-
porting DDDM. Most important, it provides empirical evidence linking
coach data support activities with both perceived teacher influence and
student achievement. These findings provide the first step in filling a gap
in the research base on coaching and DDDM. Although our data do not
support causal inferences, they nonetheless suggest that more frequent data
support from a coach is associated with higher student achievement (albeit
small in magnitude) and more positive perceptions of coaches’ influence on
teacher practice.

These findings have several important implications for theory, policy,
practice, and future research. Given the increased popularity of using data
to guide school improvement and using coaches to assist teachers in this
process, it is critical to understand how coaches perform this data support
role and how to do it effectively. Our results and evidence from other
research suggest that what makes this practice effective is not just helping
teachers interpret the data (which may be particularly important in the
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context of literacy for content-area teachers, many of whom lack a deep
understanding of fluency, comprehension, etc.) but also helping them iden-
tify instructional strategies in response to these data. Analyzing data and
taking action based on data are two different tasks. Taking action is often
more challenging and requires more creativity than does analysis. Yet to
date, taking action generally receives less attention, particularly in the pro-
fessional development provided to educators (Marsh et al., 2006). Other
research confirms the importance of providing training on how to use data
and to connect them to practice (see earlier literature review). Thus,
coaches may be bridging this important divide for teachers, helping them
identify students’ strengths and weaknesses and providing them with spe-
cific instructional strategies aligned with their needs. Furthermore, as learn-
ing theory predicts, teachers may be more likely to apply new skills and
practices when they have a solid understanding of the reasons behind their
use and why they are important.

Returning to one of the reading teachers mentioned earlier in this article,
who discovered through working with the coach that a group of students were
not grasping main ideas and needed additional small-group instruction, it is
quite possible that examining the assessment results alone without coaching
support or receiving coaching without the assessment results would not have
resulted in the same instructional response. If the coach had simply told the
teacher to work with those few students in a small group around main idea,
she may not have done so effectively because she may not have understood
the reason for doing so. Conversely, had the teacher simply discovered on her
own through the data the students’ weakness in this area, she may not have
known how to address their needs or even considered grouping them together
to provide tailored instruction in this way. In other words, there is nothing
inherent in the way these assessment results are reported that clearly indicate
an effective “solution” or response. And whereas organizational theory and
notions of DDDM indicate that improvement is enhanced by responsiveness
to data, one’s responsiveness is clearly contingent on having the skills and
knowledge to match the identified areas of need with effective instructional
strategies—skills and knowledge that not all teachers posses. Thus, coaches
appear to be situated in a critical nexus of data and action. Our understanding
of DDDM and theories of organizational improvement may be incomplete
without a more nuanced understanding of how individuals identify effective
responses to data. Similarly, our understanding of how adults learn and how
teachers improve their practice is greatly enhanced by an understanding of
the role data play in facilitating the learning process.

Ultimately, our research suggests several lessons for administrators.
First, to encourage this data analyst and support role, administrators should
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continue providing professional development for coaches in this area, with
a particular focus on taking action in response to these results. The case
study district highlighted previously provides a good example of the in-depth
training and support districts can provide to coaches around data use.
Important questions to answer before designing such professional develop-
ment include the following: What types of data are important (e.g., state
tests scores, diagnostic assessment results, observational data on quality of
instruction)? What is the most effective way to engage with teachers in this
activity (e.g., individually, in groups)? What tools would assist coaches in
their data work with teachers (e.g., user-friendly displays of student data,
templates to help analyze individual student data)? What specific reading
strategies are recommended to align with students’ specific needs?

Second, district and school leaders should attend to several factors that
may be constraining coaches’ ability and opportunity to work with teachers
and provide data-driven instructional support to teachers. Policy makers
and administrators should consider ways to free up more time for coaches
to spend in classrooms. For example, there may be easy steps to take to
minimize administrative, assessment-related demands on coaches (which
our analysis also indicates is negatively associated with teacher perceptions
of the coach’s influence on instruction, see Note 3). For instance, can other
school staff do more of this administrative work? Could volunteers or tem-
porary staff be trained to input the results into the state database? It also
behooves school, district, and state leaders to discourage coaches from
participating in excessive, non-reading-related assessment tasks (e.g.,
cases where coaches served as the FCAT coordinators for all subjects
across the school). A lack of planning time built into the school day also
may be minimizing opportunities for coaches to work individually with
teachers. Obviously, addressing this barrier would require structural policy
changes at the school or district level to make teachers more available to
participate in one-on-one work.

Given that teacher resistance or lack of rapport between coach and
teachers may constrain coaches’ ability to provide support to all teachers (a
third of coaches felt teacher reluctance to work with them was a hindrance
to their work), administrators also may want to ensure that principals know
how to hire high-quality coaches, to provide coaches with professional
development focused on how to develop relationships with teachers and
build trust, and to link new coaches with mentors who have faced similar
situations. Finally, in some cases the coach caseload may be too large to
allow coaches enough time to work with all teachers needing support if a
school has a lot of new teachers or teachers who are new to reading (the
median number of teachers per middle school was 65). Though higher
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coach caseload had a negative association with perceptions of influence
over teacher practice, it was not associated with reading achievement (and
was positively related to mathematics achievement). Nevertheless, the
issue remains important if in fact state policy makers want coaches to pri-
oritize their time working directly with teachers and to improve instruction
across the school. Obviously actions pertaining to coach caseload involve
difficult resource decisions. Leaders should consider the needs of each
school (i.e., student performance, numbers of inexperienced teachers) when
assigning coaches and consider allocating more than one coach in large,
high-needs schools when possible.

Finally, although these results provide useful information for policy
makers and practitioners, the limitations of our data suggest several fruitful
avenues for future researchers. First, researchers should consider assessing
coaching implementation and achievement over a longer period of time
than a year. This type of longitudinal coaching study could allow for a more
careful discernment of the relationship between coaches’ activities and
teacher and student outcomes. In particular, if the effect of coaching on
student achievement grows over time, a longitudinal analysis would be
more sensitive to determining the relationship between coaches’ activities
and student outcomes. Such longitudinal studies could focus at the coach
level (examining how an individual coach’s effectiveness changes as he or
she gains experience), at the student level (examining the cumulative
effects of students’ exposure to teachers who have benefited from coach-
ing), and at the teacher level (examining how teachers’ effectiveness
changes as they work with a coach). Research with more direct observa-
tional measures of teacher practice would also add depth to our understand-
ing of how coaches influence instruction, a critical intermediate outcome
of coaching. Furthermore, researchers may consider using measures of
achievement beyond state-standardized tests, such as specific reading
assessments that provide more detailed information about specific reading
skills and abilities. Finally, to further understand and enhance the roles
coaches play in supporting DDDM, more research is needed to identify the
specific skills and knowledge needed to effectively bridge the divide
between data and practice for teachers, and how to build this capacity on a
large scale.

Notes

1. There are 67 county districts in Florida and 8 nontraditional districts (e.g., Florida
School for Deaf and Blind in Dozier/Okeechobee). In 2006-2007, virtually all of these districts
participated in the program.
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2. State documents and administrators interviewed at the state and local level frequently
mentioned the “state’s reading coach model,” but this often referred to a job description and not
to a delineation of the process, content, supports, and expected outcomes of reading coaching.

3. As a condition of participation, all districts, schools, and individuals were promised
anonymity. Thus, we do not provide specific data or details on any organizations or individu-
als that could inadvertently disclose their identity. We use pseudonyms for some individuals
and schools throughout the report.

4. One district denied access to its lowest-performing schools, which removed eight
schools from the eligible population.

5. We achieved these response rates by conducting extensive online and paper follow-up
reminders and by providing honoraria to responders ($25 gift card to coaches and teachers:
Principals’ schools received $100 for participating and providing us with lists of teachers and
email addresses).

6. The academic year 2001-2002 was the first year when the FCAT (Florida’s
Comprehensive Assessment Test) was administered to all students in Grades 3 to 8.

7. For additional technical details on the modeling and the full set of model results see
Note 3.

8. We asked for hours within a 2-week period because the state logs ask coaches to report
their time for this window of time and coaches were thus familiar with thinking about their
work in 2-week blocks.

9. Note that not all these categories are mutually exclusive.

10. This survey question followed a pervious multiitem question asking teachers to think
about the ways in which their teaching in general was different at the end of the year compared
with the beginning of the year and the extent to which they made a series of changes to their
teaching over the course of the year. Thus, their reports of coach influence were anchored in
an understanding of this list of changes.

11. Only 2% of reading teachers and 5% of social studies teachers reported not making any
of the changes in instruction asked about on our survey over the course of the year—these
teachers are included in the percentage of teachers reporting that the coach did not influence
changes in their instruction at all.

12. Another possibility is that teachers with the most challenging students are more in need
of coaching; thus, time teachers get might be associated with lower student achievement.
Because our models control for prior academic achievement, we view this interpretation as
unlikely. However, there may be unobserved student ability not captured by our controls for
prior achievement, thus we cannot rule out this interpretation entirely.
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